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Challenges (1) 

1. Finding similar trademarks (application stage)
2. Comparing trademarks (registration stage and 

opposition proceedings)
• Comparing trademarks is a complex task
• Current assessment test is not fully data-driven 

or objective
• Inconsistent case law and lack of precision



Challenges (2)

3. The Dispute Resolution process: do we 
need five levels of assessment?

• Examination 
• Opposition 
• Board of Appeal
• GC 
• CJEU



Innovations

1. Analytics for Trademark Retrieval (application stage)

2. Image and text classification with deep learning for confusion 
assessment (application and opposition stage)

3. Online Dispute Resolution system with integrated analytics 
system



1. Finding similar trademarks: TMView (brilliant 
system)!



1. Finding Similar Trademarks: Limitations (1)



1. TM View/eSearch plus : Limitations (2)



eSearch plus 2.0

• Can we take it to the next level? 
• Assessment system based on other factors 

(goods and services, class, relevant public …)
• Output based on past legal data, not only 

image recognition, so that System 
understands similarity as judges would

• If yes, how should we go about it?
• Text + image analytics 
• Full text + annotated data
• Google BERT + Facebook detectron

2. Trademark Comparison System





• Application or Opposition Stage
• What are the classes for both trademarks?
• Provide descriptions and explanations 

where conflict occurs
• Input format:

• Raw text related to “The Goods & Services”
• Dropdown/check box options

• Output:
• NICE Classification and percentage to denote 

confidence of belonging to that class

Input 1: The Goods & Services



Input 2: Signs



Input 3: Image Retrieval (TMView Boosted)



Input 3: Image comparison

• Upload two images
• Compare for a similarity score 

(Similar to TMView)
• Assess risk of confusion based on 

data from previous assessments



Input 3: Verbal comparison

• Upload two company names, output similarity 
score (float value)

• Can also identify similar words in informal 
context (e.g. “Lol” in “Lollipop”)

• Common Crawl: Represents words in context 
based on sentences

• For example, “stream” and “river” appear in 
the same contexts

• Taken from an external knowledge graph with 
relations (WordNet)



Additional Input

• These can be added to our model to 
improve the assessment of Risk of 
Confusion

• Judges can optionally provide answers 
to these questions to receive a better 
judgement by our model



Final Outputs: Confusion/No 
Confusion
• We can predict Confusion/No Confusion with our deep 
learning models with an accuracy of roughly 74% without any 
prior annotations using state-of-the-art deep learning models

• GIDBERT - We've improved these results to an accuracy of 
78% by letting our model learn legal lingo from a large corpus 
of text

• There is a lot of room for improvement by annotating data 
and using other strategies commonly used in Natural 
Language Processing!



Final Outputs: Summarization

• Assistive tool for judges to obtain a conclusion 
from the content of cases

• Automatically identifies important sentences 
through "Extractive Summarization" which 
works by ranking sentences

• We have a large dataset of paragraphs that can 
be summarized from cases. It is supervised by 
existing conclusions present in the case law for 
better results



3. Trademark dispute resolution (ODR) 

• First fully online EU Tribunal 



1. Triage 2. Negotiation 3. Mediation 4. Tribunal

From e-commerce dispute resolution to Online Justice

Judicial Technology



The Current System: Judicial Technology 1.0



AI-powered Dispute Resolution Process 

1.CLAIM SUBMISSION 2.INTELLIGENT 
NEGOTIATION

3.MEDIATION 3.ADJUDICATION



1. Claim Submission



1. Claim Submission



2. Negotiation



2. Intelligent Negotiation (1): Legal Analytics



2. Intelligent Negotiation (2)

Negotiation is Intuitive. Limited data points 
and law is not representative of reality



Conflict Analytics reveals trends and patterns in past negotiations or 
mediations that inform legal and negotiation strategies

3- Future of Legal Practice: Intelligent Settlement System



2. Intelligent Negotiation (2)

Negotiation is Intuitive. Limited data points 
and law are not representative of reality

Negotiation analytics: Bargaining optimization 
driven by legal and past settlement data

Self-learning: self-learning ODR system



3. Mediation





4. Adjudication

• Upload evidence 
• Choose a hearing date





4. Adjudication 
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